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Abstract

Moments and probability density functions (PDF) of (absolute value) velocity increménts £) —v(x)| in turbulence are
linked by simple integral relations. It is shown that the steepest descent method can be applied to evaluate the integrals if the
moments (the absolute value structure functions) obey multifractal scaling laws of thigutgpe- £) — v(x)|*) = A,£5. A
double asymptotic relation then relates the moments to the PDF. The dominant (exponential) terms of the asymptotic relation
naturally yield the Legendre transform that is at the core of the Parisi—Frisch model of inertial-range intermittency. Using
the asymptotic relation, the PDF can be reconstructed from the multifractal exponent spgctmdnthe statistics of large
scale moments. On the basis of experimental results, it is shown that moments are quantitatively represented by multifractal
scaling laws and large scale Gaussian (or quasi-Gaussian) statistics. The large scale at which the statistics are Gaussian (or
quasi-Gaussian) is determined from inertial-range data alone and is of the order of the integral scale for Taylor-scale Reynolds
numbersR; in the range (300—-2200). This representation of moments together with the double asymptotic relations is able
to reconstruct quantitatively the experimental inertial-range PDF. Analytic expressions (She-Lévéque and Log-normal) of
scaling exponents are both shown to lead to reconstructed PDF with systematic deviations from experiment. ©1999 Published
by Elsevier Science B.V. All rights reserved.
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1. Introduction

The existence and characterization of scaling laws in fully developed turbulence has been the object of considerable
interest in the last 50 years. Perhaps the best known example is the famous prediction by Kolmogorov in 1941 (K41)
[1-3] of the scaling of ordes-moments of velocity increments over a distadas ¢, with ¢, = n/3 forn = 2
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andn = 3. This prediction was latter extrapolated to arbitraryiowever, the actual situation is known to be more
complex than this K41 model. In 1962, Kolmogorov and Obukhov [4,5] introduced the log-normal (K62) model
which is defined using a random multiplicative process that was presented as a model of the (random) fluctuating
cascade of energy in turbulence. Although the K62 model is known to lead to inconsistency in incompressible
turbulence in the limit of high Reynolds numbers [6], several other models using the concept of a random cascade
were developed. An example is the 1964 ‘black and white’ model of Novikov and Stewart [7]. A reformulation of the
black and white model using inertial-range quantities, the so-cAHetdel, was proposed in 1978 by Frisch, Sulem

and Nelkin [8]. Independently, at the end of the 1960s, Mandelbrot applied the notion of non-integer Hausdorff
dimension (fractal dimension) to the measure of the sets where energy is dissipated [9,10]. A few years later, several
experimental teams measured the expongntir highn-vaues [11-13]. These experiments showed that neither

the log-normal nor thg models were adequate. In 1985, in order to interpret the experimental results, Frisch and
Parisi [14] introduced the multifractal model that represents the exponessshe Legendre transform of a function

w(h) = 3 — D(h), interpreted as the Hausdorff co-dimension of a family of sets. Let us recall that the scaling is
termed ‘unifractal’ if the exponeny, is an affine function of: and ‘multifractal’ if it is a non-linear (convex)
function of n. Our starting point will be the probabilistic reformulation of the multifractal model by Frisch [6],
which gives for the velocity, a formulation analogous to that called ‘Cramér renormalization’ by Mandelbrot [15].

The main purpose of the present paper is to quantitatively reconstruct the PDF of velocity increments in turbulence
from the known values of the scaling exponegtsSuch a reconstruction is nontrivial. Indeed, the probabilistic
reformulation is known to put some constraints on the PDF but not to determine it in a unique way (see [6], p. 194,
note 44). Nevertheless, reconstruction is possible because of two properties. First, the large scale moments follow
Gaussian (or quasi-Gaussian statistics). Thus, it is possible to know the moments at all (inertial) scales by using
both the scaling laws (with knowg ) and the large scale statistics. Second, using multifractal scaling, it is possible
to asymptotically evaluate the integrals that relate moments to PDF. The resulting asymptotic formula is used to
reconstruct the PDF.

The asymptotic formulais obtained in the following way. The moments are linked to the PDF by a Mellin transform
that is equivalent, after a logarithmic change of variable, to a two-sided Laplace transform. The Laplace transform
can be inverted in the complex plane by a Fourier transform. Both the Laplace and the Fourier transforms can be
evaluated asymptotically in the limit— 0, using the Laplace and steepest descent methods, respectively.f(Here,
is the spatial scale associated with the velocity increments.) Note that Kalilasnath, Sreenivasan and Stolovitsky [16]
have pursued a similar objective in terms of combining multifractal scaling with Gaussian statistics of a stochastic
multiplier at the large scales to obtain the PDF of velocity increments. However, they did so using a specific
multifractal model, without the benefit of a general asymptotic formula.

The paper is organized as follows. Section 2 is devoted to the theoretical background. We first derive the integral
relationsthatlink moments and PDF. Then the steepest descentand Laplace methods are used to evaluate the integrals.
The dominant terms are shown to be equivalent to the Parisi—Frisch Legendre transform and the consistency of the
sub-dominant terms is explicitly checked. The asymptotic relation is then used to generate PDF from known forms
of the multifractal spectrum, assuming large scale Gaussian statistics.

Section 3 is concerned with the analysis of experimental data. We first briefly characterize the experimental setup
and then apply our new algorithms to the data. The direct asymptotic relation (from PDF to moments) is used to
reproduce the inertial-range moments. We then analyze the large scale moments and give an algorithm to determine
the scale at which they are as close as possible to Gaussian. Small non-Gaussian corrections are then taken into
account. The variation of the Gaussian scale with respect to Reynolds number is determined. The inverse asymptotic
relation (from moments to PDF) is used to reconstruct the PDF. The experimental and reconstructed PDF are then
compared. The reconstruction is also performed with values of the scaling exponents determined by analytic models.

Section 4 has the conclusions and the useful technical computations are given in the Appendix.
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2. Theoretical background
2.1. Integral relations between moments and densities

As the velocity increments(x + £) — v(x) are of either sign, the structure functions which are closely related
to their moments can be defined in several ways. In this paper, we have chosen to use the absolute values of the
increments as in [17].

Thenth order absolute value structure function is defined as

+00
S(n, £) = fo Ppinc(u, )u” du 1)
whereu = |v(x + £) — v(x)| and pinc is the associated probability density function (PDF). Defining the variable
L, =logu (2)
and the corresponding PDRL,,, £) = ¢ pinc(e£v, £), relation (1) can be written as
+0oo
s 6= [ eepi, oL, @3)
—00

Note that the absolute value structure functin, ¢) is well defined for non-integer values of We now define
the characteristic function associatedgt@,,, £)

400 |
Z(k,t) = / M p(Ly, 0 dL, (4)
—00
The characteristic function and the structure function are thus mathematically related as
S(n, £) = Z(—in, €) ©)
Z(k, £) = S(ik, £) (6)

Using these relations, we can express the PDF as an inverse Fourier transform
+oo |
p(logu, ¢) = (2n)*1/ e klogu gk ¢)dk (7)
—00

Thus, the absolute value structure function evaluated for imaginary arguments is physically related to the char-
acteristic function of the PDF in logarithmic variables.

2.2. Double asymptotic relation

We now suppose that the structure functions follow scaling laws with multifractal expanefts £ < £¢
E Z)l
S, L) = Ay |:_i| ®)
%¢

where{s is an arbitrary scalés > ¢ at this point. Factoring out the 10¢/¢s) term, we can write the integral
relations (3) and (7) in a form suitable to their asymptotic evaluation. Relation (3), with the notatioa-lal, =
hlog(¢/¢g), gives

_ 14 +o0 14 logp (hlog(€/Lg), £)
S0 =g (%) /_oo exp{'og (%) [”h T loge/t) ]} dh ©
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and Eq. (7) yields

¢ N ¢ _ logS(ik, ¢)
P (h log <%) ’E) = (@) f_oo exp{'og (%) [_'k’” log (¢/20) “ ok (10)

We define the following functions
logp (hlog(£/¢c). 0)

h, ) = 11
p(h, £) log(¢/tc) (11)
log S(n, £)

)= ———— 12

€09 = Togte/te) (12
and let us assume that they admit firite> O limits

lim 1 (h, €) = () (13)

limz . £) = ¢ (14)

Note that the finiteZ — 0 limit of Eq. (13) is equivalent to the probabilistic reformulation of Frisch (see [6] p.
147, relation (8.50)). The finité — 0O limit of Eq. (12) is a simple consequence of Eq. (8).

2.2.1. Steepest descent method
The steepest descent method applied to Eq. (10) (see Appendix A.2) gives the relations

1 alogS(n,¢)

h(n,t) = 15
8= g@ic) on (13)
_ dlogS(n, 0) 1 1 9%log S(n, £) 1
or equivalently, using the variablg, = logu = hlog(¢/¢¢), Eq. (15) reads
I 1
logu(n, £) = % a7
n

Egs. (16) and (17) give a parametric representation of the logarithm of the BD)E-¢), with parameten. Inverting
Eq. (17) to obtain an expression for= n(L,, £) and inserting this expression into Eq. (16) yieldL,,, ¢).

2.2.2. Laplace method
Evaluating Eq. (9) by the Laplace method (see Appendix A.1) gives the following relations

1 alogp (hlog(€/ts) ., £)

8 =~ ste) oh (18)
log S(h. ¢) = — 2109P (h |c;i(e/e(;) D) 4 log p (hlog (€/ec) . £) + %Iog(Zn)
1 92log p (hlog (£/€c) , £) ¢ 1
2% [_ 92 } o [_'og (E)] o [Iog(e/ea)] 19)
or equivalently, using the variablg, = logu = hlog(¢/4g)
n(logu, £) = _w (20)

dlogu
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B dlog p(logu, ¢)
dlogu
1 32log p(logu, ¢) 1
—~log| ———+—L |+ 0| ——— 21
209[ dlogu? ]'% Logw/zc)] =
Egs. (20) and (21) give a parametric representation of the logarithm of the structure fuietién, with parameter
L, . Inverting Eq. (20) to obtain an expression f&yy = £, (n, £) and inserting this expression into Eq. (21) yields
Sn, 0).

log S(logu, £) = logu + log p(logu, £) + %Iog(Zn)

2.3. Parisi—Frisch Legendre transform

We now show that the dominant exponential terms of Egs. (16), (17), (20) and (21) are equivalent to the Parisi—
Frisch Legendre transform. To wit, inserting Eq. (12) into Eq. (15) we get

hn, £ = B0 (22)
on
Furthermore, we define the function
_ log p(n, £)
nt)y=————— 23
fi(n, £) l09(¢/20) (23)
and from Eq. (16), we obtain
} ac(n, o) 1 1 2\ 9%¢(n, 0)
=— ———— {~log(2 —~log || — ) =
A, O =—n—p—+t(n.0 |og(£/eG){zog( n)+209[09<£G) on2 “
1
_— 24
© ['09@/%‘)2] (&9
Using Egs. (8) and (12), we obtain
log A, 1
_ - 25
(o0 Q+bm0%)+OLWQM@4 =
We now take thé — 0 limit of expressions (22) and (24) using Eg. (14) and uniformity.ilVith the notations
limh(n, &) = hy, (26)
l!linoﬂ(ns £) = [y (27)

Egs. (22) and (24) yield

@,
T odn
iy = —nh, + &,

hn

which is the inverse Legendre transform of the Parisi—Frisch model (see Fig. 1).
The direct Parisi—Frisch Legendre transform is obtained in the following way. Inserting Eq. (11) into Eqg. (19)
and defining the function

log S(h, £)

= 28
log (¢/¢6) (&)

C(h,0) =



98 J.M. Tcteou et al./ Physica D 129 (1999) 93-114
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C (h) |- :
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n(h) ~n
LEGENDRE

i (h ) TRANSFORM

l

> h

Fig. 1. The Parisi—Frisch Legendre transform.

gives the relations

_ouh, b)
n(h,t) = o (29)
- _ou(h, 0 1 1 1 1 9%uh, )
O === —h+uh O+ log (¢/¢5) {Elog(zn) ~ 3% [_Iog(Z/ZG) dh2 “
1
O [Iog(wa)z] <0
We now take thé — 0 limit of expressions (29) and (30), using Eq. (13) and uniformity.iwith the notations
limn(h, £) = n(h) (31)
l!imogz(h, 0) =z (h) (32)
Egs. (29) and (30) yield
_ du(h)
n ===

¢(h) = n(h)h + pu(h)

which is the direct Legendre transform of the Parisi—Frisch model (see Fig. 1).
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Thus, the Legendre transform that is central to the Parisi—Frisch model is naturally contained in the double
asymptotic relations (16) and (19), at the dominant level. Relations (22) and (29) are the extremum conditions.

2.4. Consistency of the sub-dominant terms

The consistency of the dominantterms in the double asymptotic relation is a consequence of the involution property
of the Legendre transform. We now proceed to show that this involutive property extends to the nondominant terms.
We can express the scaling laws (8) in the logarithmic form as

log S(n, £) = log A, + ¢, log (;) (33)
G

Relations (16) and (17) give the following expressions for the PDF

B £\ dg, | dlogA, 1
logu(n, £) = log (ZG) Y [Iog (WG)} (34)
oa( dg, dlog4, 1 1 ) &
log p(n, £) =log <%> [c,, - nE] +logA, —n o EIog(zn) - Elog [Iog (@) an2 }
1
o 35
[log (Wc)] >

In order to check the involution property at the sub-dominant level, we want to use these parametric expressions
of the PDF to recover the moments using Egs. (20) and (21). To do so, we first need to compute the first and second
derivatives of the probability density lgg L,, £) from Egs. (34) and (35). We get

dlog p(logu, £)  dlog p(n, ¢) [8logu(n,5)]_l

dlogu on on

1 a3z, [d?, 7" 1
= —n— +0|——— 36
"7 2log(t/tg) dn? [dnz] [Iog (ﬁ/ﬁc)z} (59)

and
92log plogu, &) 3 | dlogp(n, £) [dlogu(n, £)17*| [dlogu(n, £)7*
dlogu? " 9n on an on
1 2e, 17" 1
_ [d_g} +0[—2} 37)
log (¢/¢g) [ dn log (¢/¢c)
Inserting Egs. (34)—(36) into Eq. (20) gives for the order of the computed moment, the expression

-1

ny(n,l) =n

1 3¢, [dzcn}

1
+ 2log(¢/tg) dnd | dn? © [Iog (z/eG)Z] (38)

In the same way, inserting Egs. (34)—(37) into Eq. (21) gives for the value of the structure function af;ondéy,
the expression

¢ 1%, dg, [d?, " 1
logS(n, £) =log A, + log [%} n + >3 dn [ a2 } + 0 [m} (39)
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Table 1

Multifractal models of exponents,

Models Exponents Parameters
Log-normal & =n/3+n(38n —n?)/18 n =02
She-levéque L =n/9+2(1 — (2/3)"/3) No parameters

Let us first remark that the sub-dominant{edog(¢/¢¢)) terms present in Egs. (24) and (30) have cancelled out
in Eq. (39). To check the involution property at the sub-dominant level, it is enough to further remark that Taylor
expanding im the structure function (33) to order given by Eq. (38) yields expression (39).

To close this section, note that it is possible to compute higher-order terms in the asymptotic relations (see
Appendix A.3) and also check their involutive property [18]. However, we will not need to use these higher-order
terms in the rest of this paper. Also, note that the higher-order formulae involve higher-order derivatives of the PDF
and structure functions. This raises the problem of error propagation. If one looks back at the derivation of the
double asymptotic relation (see Section 2.2 and Appendix A.1), one can see that the direct formulae (20) and (21)
are a straightforward application of the Laplace method [19], while the inverse formulae (16) and (17), first involves
an analytic continuation. Thus, the problem of error propagation in the double asymptotic relation is nontrivial.
However, as will be shown below in Section 3, in the practical case of experimental turbulent data, the errors are
small when using the lowest-order approximation.

2.5. Large scale Gaussian (LSG) hypothesis

In order to compute practically the PDF using the asymptotic expressions (16) and (17), we need an expression
for the momentst,, at the large scalé; defined in Eq. (8). We now suppose that at séglgthe moments are those
corresponding to a Gaussian distribution with standard deviation

1 +00 1 1
/ e /2 xndy — T [n + i| [«/éuc;]n
0

T/ 2uG T 2
Thus, theA,, term in expression (8) has the value
1 n 1
log A, = log {F [%} [ﬁuG] } - élogn (40)

The LSG hypothesis is the explicit expression for the structure function obtained from Egs. (8) and (40)

log S(n, £) = log {F [izl} [\/Eu(;]n} - %Iogn + ¢,log [é} (41)

The LSG hypothesis (41) provides a complete determination, using Eg. (16) and (17) of the PDF in terms of the
multifractal exponentg,, and the Gaussian scalég andug. In the rest of this paper, we will call this explicit
determination of the PDF, the multifractal asymptotic model (MAM).

The MAM PDF corresponding to the log-normal and the She-Lévéque models (seelTjadnle shown in Fig. 2
,fore/tg =1/4,1/16,1/64,1/512 ug =1landn =1, ... ,16.

Figs. 2(A,B) show the values of lagand logp as a function of the parameter The reconstructed PDF as a
function of logu obtained by inverting the relation shown in Fig. 2(A), is presented in Fig. 2(C). The PDF as a
function ofu is plotted in Fig. 2(D).
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20} 4 _
(A) (B)
_3‘0 L L Il _30‘0 1 | Il
0.0 5.0 10.0 15.0 20.0 0.0 5.0 10.0 15.0 20.0
n n
0.0 10.0 T T T
0.0 |
= -10.0 |
g 2
= %0 -10.0 |
2 —
= -200 |
-20.0 |-
1/1G=1v512 T
© (D)
_30'0 L L | L _30.0 L L |
-3.0 -2.0 -1.0 0.0 1.0 2.0 0.0 1.0 20 3.0 4.0
Logu u

Fig. 2. Reconstruction of the PDF using the MAM Egs. (16), (17) and (41) for different models (see Table 1) at scales
/g =1/4,1/16,1/64,1/512. (A) logu(n, £) as a function of the parameter (B) log p(n, £) as a function of the parameter(C) Classical
representation of log(logu, ¢). (D) Classical representation of lggu, £).

Note that, it can be seen from Fig. 2(D) that the form of the PDF changes when the scale is modified. This is a
characteristic of multifractal scaling in contrast to unifractal scaling, where one expects to find a (re-scaled) invariant
form for the PDF.

3. Analysis of experimental data
3.1. Characteristic of experimental data

We have used the experimental setup that is described in detail in [20—22]. Schematically, a low temperature flow
of helium gas is confined in a cylinder which is limited axially by disks equipped with blades. The turbulence is
produced by rotating the two disks in opposite direction. The local velocity is measured by a hot-wire anemometer
made from a carbon fiber of thicknesgh. Itis possible to obtain a large spectrum of Taylor-scale Reynolds number
(R;. from 300 to 2200) by controlling the temperatdtéfrom 4.2 to 8 K) and the pressufe(from 102 to 3 atm).

In this paper, we have analyzed several experimental runs that are summarized in Table 2. The experiment ‘69A78’
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Table 2
Physical characteristics of the experimental déitd: mean velocity,f;: sample frequency, = (U)/f,: sample scale ang : integral scale.
File V148 V143 V140 Va7 V133 69A78 V156 V157
R; 302 391 465 747 1204 2000 1600 2200
(U)(cmls) 228 36.3 63 63.2 108.2 129 128.5 128.5
fs(kHz) 15.625 7.812 15.625 31.25 31.25 125 125 125
ee(10*3 cm) 14.6 4.6 4 2 3.456 1.56 1 1
£;(cm) 2.2 1.66 1.54 1.77 0.96 4 1.64 3.55
15.0 13.0 T T T
(B) 1/1e=300
12.0 .
- 10.0
< )
(Qn »v 110 [ 1
)
S 3
5.0 | .
10.0 | 1
“~ e=20
0.0 L L L 9.0 L L 1
0.0 2.0 4.0 6.0 8.0 9.0 10.0 11.0 12.0 13.0
Logl Log S(3,1) (EMPIRICAL)

Fig. 3. (A) Determination of the inertial range 20< ¢ < 300¢, for the ‘69A78’ file (see Table 2). (B) Validity of the direct asymptotic method
Egs. (20) and (21) fo§ (3, ¢) with £ in the inertial range.

includes 9 distinct samples of 10elocimetry data points. The other experiments inclusel®’ velocimetry data
points.

By now, a standard way to analyze the scaling of experimental turbulent data is the extended self similarity (ESS)
method [17]. In this method, the scaling of th#h order structure function is determined against the scaling of
the third order structure function. We have used the ESS method inside the inertial range in order to be able to
compare the scaling exponents with previously published data (see Table 2). Using the ‘69A78’ dataset, a fit of the
third order structure function in the rangef20< ¢ < 300¢, gives an exponent equal to 1 with precisionm #¢see
Fig. 3 (A)). The values of, for n # 3 are determined by fitting the structure functions, with respect to the third
order structure function, within this range. This procedure amounts to using a lengtlisggbeoportional to the
third-order structure functiofiz(¢) inside the inertial range. The detailed determinatiofe@kis described below.

3.2. Test of direct method and determinationf)

As a first test of the validity of the asymptotic relation (21), we have checked that Eq. (21) gave correct values
for S(3, ¢£) with ¢ in the inertial range.

For each value of, the moment§(3, ¢) is obtained by our method, by determining the value ofdalgat gives
n = 3in Eg. (20) and inserting this value in Eq. (21). It can be checked in Fig. 3(B) that this procedure correctly
reproduces the empiric8k3, ¢).

The direct asymptotic relations (20) and (21) can be used to compute the Parisi—Frisch fun¢tipagad ¢,
[23]. This can be achieved in three steps as first derived in [23].
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6.0 T r T 0.0 T —- —T
e
w
50} :: -50 } V“M |
= g
c’ =
Ef &
o0 ":L
S a.
40 | ® -100 | .
|
n=10
B)
30 L L 1 _150 L 1 1
9.0 10.0 11.0 12.0 13.0 9.0 10.0 11.0 12.0 13.0
Log S(3.1) Log S(3,1)
2.5 T T T 1 1 1.5 1 1 T
©) 13F @O .
20 | .
1.1} E
&
15 | . 091 ]
3 S o7} .
d =1
Lo 1 05 | .
05 L DIRECT METHOD i 03 f ]
’ + EMPIRICAL
01} :
0.0 1 L 1 1 L _0.1 L L L
0.0 2.0 40 6.0 80 100 120 0.00 0.10 0.20 0.30 0.40
n h

Fig. 4. (A) logu(n, ¢) versus logs(3,¢) forn = 1,...,10. The scaling law (42), displayed as straight lines givgsas the slope. (B)
log p(logu, ¢) + (1/2)log(27) — (1/2)log [732|og p(logu, £)/dlog u2] versus logs (3, ¢) forn =1, ..., 10. The scaling law (43), displayed
as straight lines gives the codimensjopnas the slope. (C), determined by scaling law (44) and experimentab). (D) (k) determined by
scaling laws (42) and (43) (see (A,B)) and experimeni@l) determined by Legendre transform of experimegtalsee (C))¢).

Each of the three steps involves the determination of a power law by linear fits in log—log coordinates. In order
to agree with previously published data obtained by the ESS methods, the power law is determined with respect
to the ESS length scalézss This length scale is determined by the following procedure. FirstS{8g¢) is
fit inside the inertial range by a linear law 16g, (3, ¢) = log¢ + C'®. Then,{essis defined by the formula
log¢ess = log Siin (3, £) — log Siin (3, £.) + log£.. Note that we are performing such ESS fits within the inertial
range (see Fig. 3(A)).

The Parisi—Frisch functions are determined as follows. In the first step, inverting Eq. (20) for several values of
the functionh,, is determined by linear fits over the inertial range of the form

logu(n, Less) = hy logless+ Ci(n) (42)

(see Fig. 4 (A)). In the second step, substituting into Eq. (21) the l@due obtained in the first step and fitting the
corresponding log values with the linear expression

log S(n, Les9) = ¢y l0gLess+ Ca(n) (43)
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determineg,. Finally, using the Parisi—Frisch Legendre transfgyra= h,n+u,, and Eq. (21)4,, can be determined
by the linear fit

log p(logu(n, €es9), Less) = mn 109 Less+ Ca(n)

where

32log p(logu, fEss)}

1 1
loq 3 = log p(l Zlog(2) — -log | —
0g plogu(n, Lesy). Less) = l0g p(logu(n, Less). Less + 5109(2r) — 3 Og[ dlogu?

(44)
(see Fig. 4(B)). Thus, itis apparent that the direct asymptotic formula Eq. (21) give satisfactory results in the inertial
range (see Figs. 4(C,D)).

3.3. Determination of the Gaussian scale

We now turn to the determination of the Gaussian ségleA general multifractal scaling law of the form
logS(n, £) = Cp, + ¢, log ¢ (45)
can be written as Eq. (33) with
logA, = C, + ¢ logls (46)

Starting from Eq. (45), we seek a length scélesuch thatd,, determined by Eq. (46) can be considered to be
Gaussian moments and thus obey Eq. (40). Defining

n+1

-7'-(”) =Cy + & |Og£G - |Ogr |: 2

1
} + Elogn (47)

for each value of ¢, one fitsF(n) over some range with a quadratic polynomial
P(n) = An + Bn? (48)

£ is determined whe® = 0. u is then given by the relatioA = [Iog ug + (1/2)log 2]. In practice, oncég is
determined, the functiof (n) will not be exactly linear. The small nonlinearitiesBtn) can be taken into account
by using a higher-order polynomial (arbitrarily taken as order five)

1
Pn) = [Iog uG + 5log 2} n+ Bn?+ Cn®+ Dn* + En® (49)

In the rest of this paper, we will refer to the statistics of the large scales when the small non-Gaussian corrections
are taken into account as large scale quasi Gaussian (LSQG). In this case, the moments can be written as

logS(n, ¢) =logl’ [n—;l} — %Iogn + ¢, log (é) + Pn) (50)

The quality of the representation of the structure functions at the &gdig the LSG (41) and LSQG (50) formulae
is shown in Fig. 5. An error bar for the determination¢gf can be obtained in the following way. For each value
of n, when
dZC;n L ®
dn

d?logT ((n +1)/2)
dn? logts = dn?
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Fig. 5. Relative erro£(A,) = (logA, — P(n) — logI'[(n + 1)/2] + (1/2)log ) /log A, with P(n) given by LSG Eq. (48) and LSQG Eq.
(49), for the ‘69A78’ dataset (see Table 2).

yields

1 {dzlogr‘ (n+1)/2) d2cn}

log e =
096 = @, dn? 2 n?

(51)
We determine the error bar by taking the minimum and maximum of Eq. (51) over the considered.range

Note that the determination éf; andug is obtained from inertial range data. It is interesting to see, how these
guantities scale with the Reynolds number. The results and fit displayed in Fig. 6 shéyy gratu; remain close
to the integral scale quantiti¢s andu;. It can be seen by inspection of the figure that, although the error bars
are very wide (over a factor of five), no systematic trend is apparent in the studied range of Taylor-scale Reynolds
numbers. Thus, the algorithm for the determinatior ©fis able to yield correct values, within a large scatter, for
the integral scale from intermittency data in the inertial range. This strongly supports the notion of intermittency
corrections arising from a cascade process that begins at the integral scale.

3.4. Reconstruction of the probability density function (inverse method) and validity test of simple analytic
expressions

We now proceedto see, howwellthe LSG (41) and LSQG (50) representations together with the inverse asymptotic
relation (16) are able to reconstruct the probability density functions. The PDF are shown in Fig. 7 in the parametric
form defined in Section 2.2, Egs. (20) and (21). In.Fdg the PDF are shown in the standard form as functions
of u or logu. It is apparent from Figs. 7(B,D) that the tails of the PDF are in better quantitative agreement when
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Fig. 7. Parametric representation of the PDF Egs. (20) and (21) using the LSG (41) (see (A,B)) and LSQG (50) (see (C,D)) representations with

t/t, = 20,100, 300.
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the LSQG corrections are taken into account. We have thus shown that the experimentally determined gxponent
together with the LSG or LSQG representation are able to quantitatively represent the experimental PDF.

Itis interesting to see, if simple analytical expressiongfeisuch as the log-normal and She-Lévéque, are also
able to represent the data. This seems to be a somewhat more stringent test of the analytic expressions than just

comparing their predictions with experimental valueg,of

The probabilities generated by the She-Lévéque and log-normal models are compared with the experimental data
at a Taylor-scale Reynolds number of 2000 in Figs. 9 and 10 . Fig. 9 shows the parametric representation of log
(Eqg. (17)) and Fig. 10 shows the parametric representation of [&g). (16)). It is apparent from the figures that
both the She-Lévéque and log-normal expressions yield systematic deviations from the experimental data of the
inertial-range PDF at Taylor-scale Reynolds numRge= 2000.

4. Conclusions

To summarize, the main results obtained in this paper are
e The LSG (41) and LSQG (50) representations together with the inverse asymptotic relation (16) are able to

reconstruct the probability density functions.
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Fig. 9. Parametric plot of log(n, ¢) for (A) log-normal model, (B) MAM model, (C) Shedvéque model.

e The large scalég, determined from inertial-range data, is close to the integral scale for a large range of Reynolds
numbers.

e The probabilistic reformulation of the Parisi—Frisch model is naturally contained in the asymptotic relations at
the level of the dominant exponential terms.

e The procedure is in good agreement with experimental data, provided that the LSQG statistics are used together
with the experimentally determineg. The agreement deteriorates significantly, if both the conditions are not
satisfied.

Note that the MAM procedures (16), (17) and (41) can be applied to fields other than turbulence, provided that
the large scale statistics are Gaussian and multifractal scaling laws are present. Such is the case for exchange rate
fluctuations in finance (see [18]).

Two points have been left for future work. First, it seems possible to extend the description to (separately) both
negative and positive velocity increments. To do this, one should work with the PDF of negative and positive
incrementgﬁc(u, £) and the corresponding moments as done in [6]. Second, it would be interesting to see if the
MAM can be extended to describe the fluctuations of energy dissipation. The nontrivial problem is then to find a
description of large scale statistics that could play a role equivalent to that of the LSG hypothesis.
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Appendix A

A.l. Laplace’s method

Eq. (3) can be written in the form

oo 4 Ly log p(Lu, z)] }
S, ) = expilog| — | |n + dc, A.l
mo=|_ p{ g(%)[ log(¢/tc) * Tog(¢/tq) (A1)
This integral has a critical point ig,,, if n obeys the relation
)= —— A.2
n(Lu. ) 7 (A.2)

Taylor expanding the integrand aroum(_,,, ¢) and performing the Gaussian integral yields

1/2

S(Lus &) = [_ 32log p(L,)/dL2 L, (A-3)

L, +1 Ly L O ——
+log( )}+ [Iog(wm]

Egs. (A.2) and (A.3), in logarithmic form, are the direct asymptotic formulae (20) and (21).
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Fig. 11. Steepest descent method — Determination of integral curve (C).

A.2. Steepest descent method

The integral of Eq. (7) can be written in the form

L [T Jogeseo) it
p(L,) = g/ € T dk (A.4)
—0Q
with
1 . .
The functionf (k) is real fork = —in, n € R. Considemy, such that
dfk
[&] _0
dk k=ky=—ing
thus
dlogS(n, £)
Lulng, ) = =222 100 (A.6)

then Taylor expanding aroundk;, shows thatf is also real on a curve (C) parallel to the real axis and crossing
the imaginary axis at, (see Fig. 11).

The basic idea of the steepest descent method [19] is to make a deformation of the contour of integration of Eq.
(A.4) from the real axis to (C). If such a deformation can be made, it follows that

p(Ly, €)= 2r)7 1| o9/ta)f®) g (A7)
©)
The steepest descent method, amounts to use the Laplace method on integral of Eq. (A.7). The main contribution of
Eqg. (A.7) is at the maximum of on (C), i.e. at the saddle poiki thus, it is enough to computg(k,) and 1" (ky).
Using Eq. (A.5), we find

1
fks) = W[—nﬁu +1log S(n, £)]
b 1 3 dlogS(n, ).
T8 = fogterta) [ “ on _] '
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1 3%logSn, £)

"
k) = —
Foks) log(£/4c) on?
and thus, the value of Eq. (A.7) is given at leading order by
2 12 1
(Lus ) = @m) 7" [ } goat/ta)f k) 1 o [—] A8
b —log(€/Lc) f" (ks) log(¢/¢c) (A8)

Egs. (A.6) and (A.8) in logarithmic form are the inverse asymptotic formulae for Eqgs. (16) and (17).

A.3. Higher-order corrections

Itis possible to compute higher order corrections to the asymptotic relations (A.3) and (A.8) but the calculation
is rather lengthy. Note that Egs. (A.2) and (A.6) are valid at all orders. The higher-order correction to Eq. (A.3) is
explicitly given by (see [18] for a derivation)

dlog p(logu, ¢) 2

S(logu, £) =exp[— logu + Iogp(logu,ﬁ)}\/

dlogu —32log p(logu, £)/3logu?
L 5{83logp(|ogu,E)/alogu3}2 N 8%log p(logu, £)/dlogu* [ 1 ]
X —
24{32log p(logu, e)/alogu2}3 8{92log p(logu, z)/alogu2}2 log(¢/¢6)?
(A.9)
The correction to expression (A.8) is given by
dlog S(n, £) 1
0= | 0 —
p(n. 6 eXp[ogS("’ ) }\/Zn(azlogS(n,Z)/anz)
5{33log S(n, £)/8n3)° 4 4 1
1, 5{9%logSn )/n}3 g St /i _ [ 2} (A10)
24{32logS(n, 0)/8n2}”  8{d2log S(n, €)/dn?} log(¢/¢G)

It is very easy to check that the higher-order corrections term are of oftbey(4/¢¢).
A.4. Explicit computation of the errors in an integrable case

In the general case, where I8¢, £) = log(1 — n?)log(£/¢¢), it is possible to explicitly integrate Eq. (7). The
result is [24]

V2/m[logu]~1/27100¢/ L) BKC(—1/2 — log(¢/€c). [logul)

logu, £) = A1l
plogu. & [L/2]090 /%) I [—log(£/€c)] (A1)
whereBK(n, z) is the modified Bessel function of the second type, which is the solution to
d?y  dy
2 2, 2
— 7 - _ =0
z dz2+zdz (z°4+n%)y
The asymptotic evaluation of Eq. (7) gives the following result
logu(n, £) = —log(¢/Lcs) (A.12)

1—n?



112 J.M. Tcteou et al. / Physica D 129 (1999) 93-114

The probability density function is given at leading order by

2

1
log p1(n, £) = log [é} _a + log [é} log(1 —n?) — 5log [—Iog(@/ec)

47 (1 + n?)
1—n2

(—1+n?)2
and the probability density function including correction Eq. (A.10) is given by

1 —9+27%—3n*+nb
log(¢/¢c) 24(1 + n2)3

log p2(n, £) = log p1(n, £) +

By defining
o= Py =
and
pa(n, €) = %
po(n, €) = %

and defining the exact rati@exaci(n, £) = log p(logu, £)/log(€/Ls) with p(logu, £) defined by Eq. (A.11) and
logu by Eq. (A.12), we can study the behavior of the related errors as a functioarad log¢

n1(m, £) — wexac(n, £)

Ei1(n,0) = A.13

1 0 Mexactn, £) ( )

Ea(n, 0) = u2(n, £) — pexac(n, £) (A.14)
Hexactn, £)

It can be seen in Fig. 12 that the errors vanish in the limit 1 (logu — oo0) and, whem: is fixed, in the limit
log(¢/€s) — —oo. Furthermore, the convergence in {6g¢ ) shows that the higher order term has been correctly
taken into account.

A.4.1. Asymptotic relations in the— oo limit
If the probability density function is Gaussian or exponential, it is possible to define asymptotic relations in the
fixed ¢, n — oo limit. Indeed, in the special case where

log p(L,) = —e* (A.15)
we define
+oo
Sn) = / gl L g, (A.16)
—0o0o

the critical pointz is given by logn = £, translating Eq. (A.16) at the critical poidt, = x + logn, we find

+00
S(n) = n”f gy —expo] gy

o0

Using the direct method (A.3)

logn(L,) = L,
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Fig. 12. ErrorsE1 (A.13), E2 (A.14) forn = 0.1 and 2< log(¢/¢g) < 200 (see (A)). Error€; (A.13), E2 (A.14) for log(¢/¢s) = —2 and
0 <n <1 (see (B)).

logS(L,) = eﬁu(—l+ L)+ }Iog [%} (A.17)
2 e~u

which is equivalent to Stirling formulae. Note that the asymptotic relations in the co limit can be extended to
Gaussian integrals. Setting'e= u, Eq. (A.16) can be written as

+00 +00
S(n) = / gL g, = / W' Le du (A.18)
—00 0
and thusS(n) = I'(n). Settingu = y2/(202), yields
+00 2 2
S(n) = 2[20%] ™" f g V/(20%) y2n—14y (A.19)
0

which shows that the moment of ordér= 2n — 1 of a Gaussian distribution can be asymptotically evaluated in the

n — oo limit by Eq. (A.17). It is thus possible to use the asymptotic relation in this way in the case of a Gaussian
unifractal probability density function.
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